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Churn customer prediction using data mining: based
on support vector machine and gentic algorithm
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Abstract

As markets become increasingly saturated, companies have acknowledged that their business
strategies should focus on identifying those customers who are likely to churn. Customer churns
analysis and predication is an important part of Customer Relationship Management (CRM). With the
purpose of retaining customers, academic as well as practitioners find it crucial to build a churn
prediction model that is as accurate as possible. In other side, the development of automated data
collection tools and the imperative need for the interpretation and exploitation of massive data volumes
have resulted the development and flourishing of data mining techniques. Support Vector Machines
(SVM) algorithm is one of the most effective machine learning algorithms and successfully solves
classification problems in many domains. In this paper a hybrid model, combining genetic algorithms
with SVM classifier, is employed to predict customer churn in Mondrian food mart department store.
The procedure includes two steps. In the first step genetic algorithm determines SVM parameter values
while discovering a subset of features and in second step customer churn prediction model is
established based on determined parameters. Empirical results are compared with some classifiers such
as simple SVM, Decision tree, Case Based Reasoning and Artificial Neural Networks, and indicate that

the predictive performance of hybrid model in specific case is more effective.

Keywords
Churn customer prediction, Support Vector Machine (SVM), Genetic algorithm, data mining.
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